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Small RNA (sRNA) molecules are key factors in the communication between hosts and
their interacting pathogens, where they function as effectors that can modulate both
host defense and microbial virulence/pathogenicity through a mechanism termed cross-
kingdom RNA interference (ck-RNAi). Consistent with this recent knowledge, sRNAs
and their double-stranded RNA precursor have been adopted to control diseases in crop
plants, demonstrating a straight forward application of the new findings to approach
agricultural problems. Despite the great interest in natural ck-RNAi, it is astonishing to
find just a few additional examples in the literature since the first report was published in
2013. One reason might be that the identification of sRNA effectors is hampered both
by technical challenges and lack of routine bioinformatics application strategies. Here,
we suggest a practical procedure to find, characterize, and validate sRNA effectors
in plant–microbe interaction. The aim of this review is not to present and discuss all
possible tools, but to give guidelines toward the best established software available for
the analysis.
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INTRODUCTION
Natural cross-kingdom RNA interference (ck-RNAi) is an emerging field of research in plant–
microbe interactions and plant pathology (Cai et al., 2018). The phenomenon includes small
RNA (sRNA) (Borges and Martienssen, 2015) that are mutually transferred between interacting
hosts and pathogens to eventually target and thus modulate respective host defense and pathogen
virulence functions by RNAi (Weiberg et al., 2013; Zhang et al., 2016). RNAi is the process by which
21–24 nucleotide (nt) sRNAs are used by ARGONAUTE (AGO) proteins to guide an RNA-Induced
Silencing Complex (RISC) toward a complementary messenger RNA (mRNA), resulting either in
mRNA cleavage and degradation, or impairment of its transcription by acting as a physical block
(Fire et al., 1998; Hamilton and Baulcombe, 1999).
Recent studies have shown that fungal pathogens can produce and deliver sRNAs to host plants
in order to suppress their immunity and thus aid colonization (Weiberg et al., 2013; Wang B. et al.,
2017). During infection, Botrytis cinerea transfers sRNAs to Arabidopsis and tomato cells, targeting
Frontiers in Plant Science | www.frontiersin.org 1 August 2018 | Volume 9 | Article 1212
fpls-09-01212 August 17, 2018 Time: 10:19 # 2
Zanini et al. Target Prediction of ck-RNA Effectors
host genes known to be involved in plant defense responses,
including transcription factors and receptor-like kinases
(Wang M. et al., 2017). This silencing is possible due to the
fungus hijacking the RNAi machinery of the host, in particular
AtAGO1. Consequently, the fertile hypomorphic ago1-27
Arabidopsis mutant shows increased resistance to Botrytis
infection. Interestingly, the ago1-27 mutant is similarly less
infected compared to wild type (wt) plants when infected with
Verticillium dahliae (Vd), suggesting a role for RNAi also in this
interaction.
Furthermore, the causal agent of stripe rust in wheat, Puccinia
striiformis (Ps), delivers fungal microRNA (miRNA)-like RNAs
into host cells to suppress the defense response by targeting and
downregulating wheat Pathogenesis-related 2 (PR-2) expression.
Silencing of the sRNA precursor showed enhanced resistance
to the virulent Ps isolate in wheat adult plants (Wang B. et al.,
2017).
Preliminary results indicate the bidirectionality of this process
in the interaction between Vd and cotton plants. In Vd
samples recovered from infected cotton plants, 28 different
sRNAs were predicted to originate not from Vd, but from
the cotton plant, implying that host-derived sRNAs had been
transferred into the pathogen during infection (Zhang et al.,
2016). Despite the great interest in natural ck-RNAi and its
agronomic application (Koch et al., 2013, 2016; Koch and Kogel,
2014; Wang et al., 2016; Niehl et al., 2018), it is astonishing to
find just a few examples in the literature since the first report
was published by Weiberg and colleagues in 2013 (Weiberg
et al., 2013). One reason might be that the identification of
sRNA effectors is hampered both by technical challenges and
lack of routine bioinformatics application strategies. Here we
suggest a practical procedure to find, characterize, and validate
sRNA effectors in plant–microbe interactions. The aim of this
review is not to present and discuss all possible tools, but to give
guidelines toward the establishment of a suitable pipeline for the
analysis.
STRATEGIES TO FIND, CHARACTERIZE,
AND VALIDATE sRNA EFFECTORS IN
PLANT–MICROBE INTERACTIONS
Sample Preparation and sRNA
Sequencing
In all cases, identification and confirmation of cross-kingdom
sRNAs (ck-sRNAs) starts with the preparation of suitable
biological samples. When planning which and how many samples
to sequence, control samples of uninfected plants and, when
possible, axenic cultures of the microbe should be included in
order to verify the infection-related upregulation/induction of
the candidate ck-sRNAs in bidirectional fashion. The preparation
also requires to fix the number of replicates and of reads per
sample (typically three biological replicates with 5–10 million
reads each, Conesa et al., 2016).
While sequencing can be carried out using a variety of
machines, the focus of this review is on sequencing with Illumina
technology. With TruSeq Small RNA Library Preparation by
Illumina it is possible to create indexed libraries of sRNAs both
from total RNA and from pre-size-selected fractions, depending
on the need to preserve mRNA for further sequencing or
not. Libraries can then be pooled and sequenced on various
Illumina systems, including MiSeq and NextSeq, depending on
the output range and total reads per run required. Subsequent
analysis of this data is the critical point toward discovery
of candidate ck-sRNAs. There are numerous detailed papers
comparing the performances of the programs mentioned in this
review, which are recommended for reading once a preliminary
pipeline is chosen, as the fine tuning of the software settings
is specific for each project/organism analyzed (Dai et al.,
2011a; Srivastava et al., 2014; Li et al., 2015; Conesa et al.,
2016).
Although known ck-sRNAs are between 21 and 24 nt long
(Weiberg et al., 2013; Wang M. et al., 2017; Wang B. et al.,
2017), the range for the size selection can be increased to
18–35 nt for detection of all other known regulatory sRNAs.
Sequencing depth, number of replicates, and type of libraries
are all experiment-specific and highly variable depending on the
aim of the study and the resources available. For example, for
adequate statistical power in the data analysis, a minimum of
three biological replicates is required (Love et al., 2014) and,
while for mRNA it is usually recommended to explore the option
of longer read length or paired-end (PE) sequencing, single-end
(SE) short reads are perfectly suitable for sRNAseq. Regardless of
the specific datasets, some measures have to be taken to ensure
the removal of unwanted fragments that would overweigh the
sequences of interest. In particular, size selection prior to sRNA
sequencing is required to avoid sequencing longer fragments that
would not be the focus of the study.
Determination of Candidate ck-sRNA
Acquisition of the raw reads is the first step of the bioinformatics
analysis and is immediately followed by quality check. FastQC
(Andrews, 2010) is the most frequently used program for this
task, as it is recommended by Illumina for the analysis of
Illumina NGS data and it is compatible also with PacBio and
454 datasets. Alternatively, programs such as NGS-QC can
also be used for the analysis of data obtained from several
sequencing platforms (Dai et al., 2010). With these the overall
quality of the sequencing can be assessed, in particular the
sequence quality, GC content, N content, and overrepresented
sequences. While there are no universal cutoffs for some of
these tests, as the values vary based on the organisms and the
sequencing setups, similar results should be obtained throughout
the same kind of datasets both for “failed” k-mer and duplication
tests.
When analyzing sRNA datasets, a test that will most likely fail
is the adapter content test: given that the fragments sequenced
(usually 18–35 nt) are often shorter than the read length (36 bp),
the machine is bound to read into the adapter. There are number
of software programs designed to do the necessary trimming,
such as Cutadapt or FASTX-Toolkit (Martin, 2011). At this point
of the analysis, low quality reads/bases should be removed, as
well as adapters and PCR artifacts. The workflow proposed,
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FIGURE 1 | Bioinformatics pipeline for the detection and validation of cross-kingdom (ck)-RNA effectors in interactions of plant hosts with microbial pathogens.
summarized in Figure 1, can be used to identify the sRNAs
originating from either the host or the microbe by assigning the
“sRNA source” organism and the “sRNA target” organism at the
beginning of the analysis. Afterward, the same pipeline can be
applied with the roles inverted to obtain information about both
sides of the bidirectional cross-kingdom communication.
Trimmed reads can now be mapped with short read un-
gapped mappers such as Bowtie (Langmead, 2010) and SOAP
(Li et al., 2008) to reference genomes and transcriptomes; by
this way one gains information on the origin of the potential
ck-sRNA and its localization in the respective genome. Given
that it is crucial to find the sRNAs from the source organism
that target the interacting organism, this alignment step includes
the removal of reads that align to both organisms. In particular,
sRNAs are kept only if (i) they align 100% of the full read length
to the source organism’s genome (bowtie settings: -v0 –al), and
(ii) have at least two mismatches to the target organism’s genome
or transcriptome (bowtie settings: -v1 –un). As an additional step,
the removal of sequences aligning 100% to the source organism’s
transcriptome can be done in order to select exclusively sRNAs
originating from non-coding regions (bowtie settings: -v0 –un),
removing short sequences derived from mRNA degradation.
After the alignments, sRNAs can be additionally filtered based
on their presence in the sample of the pure source organism
as they are expected to be either upregulated in the sample
from the interacting organisms compared to the control (pure
organism), or present exclusively in that sample (Weiberg et al.,
2013).
ck-sRNA Target Detection and
Evaluation
The remaining sequences can be further analyzed for target
prediction. There are various software platforms available
for small interfering RNA (siRNA) and microRNA (miRNA)
detection, originally tailored for mammal sRNAs. While these
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can be customized for plant and microbe studies, two well
established tools are designed specifically for plants: psRNATarget
and TAPIR (Bonnet et al., 2010; Dai and Zhao, 2011b). Both
are comparable regarding sRNA identification rates at their
default settings and are widely used in plant miRNA analysis
and discovery research, making them the best options for this
analysis. While TAPIR offers a standalone and an online version,
psRNATarget is only available online, making it less convenient
for automatized workflows. On the other hand, psRNATarget
provides more options for customizing settings and parameters of
the prediction, making it more adaptable to different organisms
and systems. Both programs work by aligning sRNA sequences to
the target transcriptome and assigning penalties for mismatches,
gaps, and G:U pairs, in particular in the seed region (between
positions 2 and 12 of the sRNA for TAPIR and 2–13 for
psRNATarget), which is critical for target recognition. The
resulting score is between 0 and 5, and can be decreased from
the default value to further reduce the risk of false positives.
Additionally, TAPIR separately scores the free energy ratio,
represented by the free energy of the predicted sRNA:target
duplex divided by the free energy of the corresponding duplex
having a perfect complementarity (Bonnet et al., 2010). In this
case, the minimal value cutoff suggested is 0.7 (range between 0
and 1). The default output of both programs is a table containing
all scores of the sRNA:mRNA duplexes, the alignment itself and,
if available, a description of the target mRNA.
Analysis of Target Transcript Expression
The first validation step of candidate ck-sRNAs is the
confirmation of target gene downregulation in the colonized
tissue as a result of the cleavage of the corresponding mRNA
by the RISC enzymatic complex. Plant and microbial mRNA
levels can be checked by mRNA sequencing analysis from the
same biological samples the sRNA was obtained from. Since
the library preparation for sRNA libraries is based on size
separation and excision of a specific nt length interval, the longer
RNA fraction from the same samples can be used to prepare
mRNA libraries. Read length and sequencing depth selected
can vary depending on the experimental design and resources
available, but the mRNA sequences are primarily obtained
from the large RNA fraction after polyA affinity selection,
as more than 90% of total RNA is comprised of ribosomal
RNA (rRNA) (Conesa et al., 2016). In bacterial samples or in
samples with low RNA integrity number (RIN) values, where
polyA selection would not be effective, rRNA depletion can
be done instead. The bioinformatic pipeline described in the
following paragraph will serve as a primary in silico validation
step toward confirmation of candidate ck-sRNA activity in the
target organism.
Since there is a multitude of RNAseq tools available, the
experimental design and the availability of published sequence
data are the main factors in deciding on a pipeline (Conesa
et al., 2016). Quality check and trimming of sequencing artifacts
are necessary steps at the beginning of the analysis, following
the similar principle as in sRNA analysis, namely the use
of FastQC (Andrews, 2010) and cutadapt (Martin, 2011). If
reference sequences for the organisms involved are available, the
mapping of RNAseq reads can be done as a straight forward
strategy (see below). Depending on available -omics data for the
organisms in question, mapping of reads can be done to the
reference genome or transcriptome. Without available reference
sequences, de novo assembly (reference-free) of the transcriptome
can be computed from all RNAseq datasets, usually with a
De Bruijn graph-based assembler like Trinity (Grabherr et al.,
2011), SOAPdenovo-Trans (Xie et al., 2014), Oases (Schulz
et al., 2012), or Trans-AbySS (Robertson et al., 2010). Functional
annotation and ortholog search can then be performed with
common platforms such as BLAST (Altschul et al., 1990) and
ENSEMBL (Zerbino et al., 2018) or, specifically developed
but harder to install, transcriptome annotation tools like
Trinotate (github1) and FunctionAnnotator (Chen et al., 2017).
Transcriptome completeness can be checked with Busco (Simão
et al., 2015). These tools can also be used in case of unsatisfactory
annotation of available reference genome or transcriptome.
Spliced alignment to the reference genome is done by
mappers that take into account the introns in the genome.
TopHat/TopHat2 (Trapnell et al., 2009; Kim et al., 2013) are
gapped mappers developed to detect novel splice-sites. They were
superseded by a new mapper called HISAT2 (Kim et al., 2015)
that is more accurate and much more efficient. Another option is
Spliced Transcripts Alignment to a Reference (STAR), which also
allows for fast and precise mapping with known and novel splice-
sites (Dobin et al., 2013). Correction for exon sizes specific to the
respective plant and microbe organism in question are needed,
since typically the programs use default settings for the human
genome. Un-gapped mappers, such as Bowtie (Langmead, 2010),
can be used to map against a reference transcriptome if no novel
transcript discovery is needed. However, since the goal of the
analysis is to discover a high number of transcripts, including
those with a low level of expression, and since organisms in
question often are not sufficiently annotated, the gapped mapping
on a genome followed by quality control is the recommended
strategy. The quality of the mapping can be checked by programs
such as Picard (Picard tools2, github), RseQC (Wang et al.,
2012), and Qualimap (García-Alcalde et al., 2012). Percentage
of mapped reads, multi-mapping reads (mapping to the several
identical regions), and the uniformity of read coverage are
relevant parameters to assess sequencing quality at this point
(Conesa et al., 2016).
The first step for differential gene expression (DGE) is
determining transcript abundances using program packages like
Cuﬄinks (Trapnell et al., 2010) or htseq-count (Anders et al.,
2015). DGE analysis can be done by a variety of programs,
including DeSeq (Anders and Huber, 2010), Deseq2 (Love et al.,
2014), edgeR (Robinson et al., 2010), and voom (Law et al., 2014).
Low replicate numbers of transcripts and outliers among the
replicates can complicate the DGE analysis. Thus, a powerful
analytical method proves crucial to determine when the fold
change in transcripts between the control and treated sample is
different. The programs differ in statistical distributions they use
for analysis of data and how they treat the variability among the
1http://trinotate.github.io/
2http://broadinstitute.github.io/picard
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replications, but a comparison study claims DeSeq2 and edgeR
have an advantage when it comes to smaller number of replicates
(below 12) (Schurch et al., 2016).
The results of this target prediction and analysis pipeline can
be visualized at several levels and by a variety of programs,
some of which focus on sRNA-mRNA duplex conformation
structure and others on a broader representation of cross-
kingdom effects between genomes. ReadXplorer (Hilker et al.,
2014) and Integrative Genomics Viewer (IGV) (Thorvaldsdóttir
et al., 2013) are used for different types of presentation of
sequencing data, and in this case specifically for visualization
of mapped reads on the reference genome. miRPlant (An
et al., 2014), a tool for prediction of miRNAs from NGS data,
provides the visual presentation of the predicted miRNA in the
precursor hairpin structure and with the indication of where
the mature fragment is. CummerBund (Goff et al., 2013) is
commonly used after the Cuﬄinks package for visualization of
differentially expressed genes in different types of plots. The
software package Circos (Krzywinski et al., 2009) is a good choice
for circular visualization of entire genomes, transcriptomes,
sRNA candidates, and the range of silencing downregulation
effects.
Further Validation of ck-RNAs
Having obtained information on differentially expressed
genes in the treated sample, the ones which are significantly
downregulated and predicted as targets of candidate ck-
sRNAs are investigated further. Alternative to mRNA
sequencing, validation of ck-sRNA candidates requires
confirmation of downregulation of their putative target by
qRT-PCR.
Additional in vivo validation of the interaction of ck-sRNA
candidates with their targets can be based on genetic analysis, e.g.,
mutational knockdown (KO) strategies of target genes and/or
precursor loci of candidate ck-sRNAs. Finally, we suggest that
the following additional analyzes are required to unequivocally
claim a ck-RNA-mediated target interaction in ck-RNAi:
(i) verification of sRNA-target interaction in transient expression
systems such as leaves of Nicotiana benthamiana; (ii) testing
respective AGO and DCL mutants for a loss of ck-RNA function
in RNAi-mediated target downregulation; and (iii) detection
of direct association of ck-RNAs or their target mRNA with
the respective microbial or plant AGO1 protein by immuno-
purification techniques (Jain et al., 2011; Riley et al., 2012;
Carbonell, 2017).
CONCLUSION
RNAi-based bidirectional communication between interacting
organisms, also called ck-RNAi, has been detected in a few natural
plant – microbe systems, but the implications of a novel effector
class of sRNA are significant. So far, there is no evidence that
the activity of such RNA effectors would be restricted to certain
microbial life styles as they were identified in plants interacting
with both biotrophic and necrotrophic microbes. The recent
finding that mammals also generate RNA effectors to combat
parasites suggests that the phenomenon is widespread and
prevalent in different types of host–parasite interaction. Besides
the exciting discovering of a novel chemical communication
strategy, the knowledge on ck-RNAs opens new avenues in
sustainable and environmentally safe plant protection as sRNAs
and their cellular precursors dsRNAs are natural molecules with
an anti-microbial activity. However, the detection and validation
of RNA-based communication and ck-RNAi still relies on the
available data about model species and a narrow range of
investigated systems. The present review tries to give a practical
outline of a pipeline for ck-RNA detection focused on plant –
microbe systems. A bioinformatics pipeline used to strengthen
and accelerate the experimental approaches is of paramount
importance for confirmation of sRNA communication between
plants and microbes in a multitude of relevant systems.
AUTHOR CONTRIBUTIONS
SZ, K-HK, EŠ, and LJ wrote the text. SZ and EŠ designed the
figure.
FUNDING
This work was supported by Deutsche Forschungsgemeinschaft
to K-HK (project GRK2355) and by the European Union in the
Marie Sklodowska-Curie actions “CerealPATH” to K-HK and SZ.
REFERENCES
Altschul, S. F., Gish, W., Miller, W., Myers, E. W., and Lipman, D. J. (1990).
Basic local alignment search tool. J. Mol. Biol. 215, 403–410 doi: 10.1016/S0022-
2836(05)80360-2
An, J., Lai, J., Sajjanhar, A., Lehman, M. L., and Nelson, C. C. (2014). miRPlant: an
integrated tool for identification of plant miRNA from RNA sequencing data.
BMC Bioinformatics 15:275 doi: 10.1186/1471-2105-15-275
Anders, S., and Huber, W. (2010). Differential expression analysis for
sequence count data. Genome Biol. 11:R106 doi: 10.1186/gb-2010-11-10-
r106
Anders, S., Pyl, P. T., and Huber, W. (2015). HTSeq—a Python framework
to work with high-throughput sequencing data. Bioinformatics 31, 166–169
doi: 10.1093/bioinformatics/btu638
Andrews, S. (2010). FastQC: A Quality Control Tool for High Throughput Sequence
Data. Available at: http://www.bioinformatics.babraham.ac.uk/projects/fastqc
Bonnet, E., He, Y., Billiau, K., and Van de Peer, Y. (2010). TAPIR, a web
server for the prediction of plant microRNA targets, including target mimics.
Bioinformatics 26, 1566–1568 doi: 10.1093/bioinformatics/btq233
Borges, F., and Martienssen, R. A. (2015). The expanding world of small RNAs in
plants. Nat. Rev. Mol. Cell Biol. 16, 727–741. doi: 10.1038/nrm4085
Cai, Q., He, B., Kogel, K. H., and Jin, H. (2018). Cross-kingdom RNA
trafficking and environmental RNAi — nature’s blueprint for modern crop
protection strategies. Curr. Opin. Microbiol. 46, 58–64 doi: 10.1016/j.mib.2018.
02.003
Carbonell, A. (2017). Immunoprecipitation and high-throughput sequencing of
ARGONAUTE-bound target RNAs from plants. Methods Mol. Biol. 1640,
93–112. doi: 10.1007/978-1-4939-7165-7_6
Frontiers in Plant Science | www.frontiersin.org 5 August 2018 | Volume 9 | Article 1212
fpls-09-01212 August 17, 2018 Time: 10:19 # 6
Zanini et al. Target Prediction of ck-RNA Effectors
Chen, T. W., Gan, R. C., Fang, Y. K., Chien, K. Y., Liao, W. C., Chen,
C. C., et al. (2017). Functionannotator, a versatile and efficient web tool for
non-model organism annotation. Sci. Rep. 7:10430. doi: 10.1038/s41598-017-
10952-4
Conesa, A., Madrigal, P., Tarazona, S., Gomez-Cabrero, D., Cervera, A.,
McPherson, A., et al. (2016). A survey of best practices for RNA-seq data
analysis. Genome Biol. 17:13 doi: 10.1186/s13059-016-0881-8
Dai, M., Thompson, R. C., Maher, C., Contreras-Galindo, R., Kaplan, M. H.,
Markovitz, D. M., et al. (2010). NGSQC: cross-platform quality analysis pipeline
for deep sequencing data. BMC Genomics 11(Suppl. 4):S7. doi: 10.1186/1471-
2164-11-S4-S7
Dai, X., and Zhao, P. X. (2011b). psRNATarget: a plant small RNA target
analysis server. Nucleic Acids Res. 39 (suppl. 2), W155–W159. doi: 10.1093/nar/
gkr319
Dai, X., Zhuang, Z., and Zhao, P. X. (2011a). Computational analysis of miRNA
targets in plants: current status and challenges. Brief. Bioinform. 12, 115–121.
doi: 10.1093/bib/bbq065
Dobin, A., Davis, C. A., Schlesinger, F., Drenkow, J., Zaleski, C., and Jha, S. et al.
(2013). STAR: ultrafast universal RNA-seq aligner. Bioinformatics 29, 15–21.
doi: 10.1093/bioinformatics/bts635
Fire, A., Xu, S., Montgomery, M. K., Kostas, S. A., Driver, S. E., and Mello, C. C.
(1998). Potent and specific genetic interference by double-stranded RNA in
caenorhabditis elegans. Nature 391, 806–811. doi: 10.1038/35888
García-Alcalde, F., Okonechnikov, K., Carbonell, J., Cruz, L. M., Götz, S.,
Tarazona, S., et al. (2012). Qualimap: evaluating next-generation sequencing
alignment data. Bioinformatics 28, 2678–2679. doi: 10.1093/bioinformatics/
bts503
Goff, L., Trapnell, C., and Kelley, D. (2013). Cummerbund: Analysis, Exploration,
Manipulation, and Visualization of Cuﬄinks High-Throughput Sequencing Data.
R Package Version 2.20.0
Grabherr, M. G., Haas, B. J., Yassour, M., Levin, J. Z., Thompson, D. A., Amit, I.,
et al. (2011). Full-length transcriptome assembly from RNA-seq data without a
reference genome. Nat. Biotechnol. 29, 644–652. doi: 10.1038/nbt.1883
Hamilton, A. J., and Baulcombe, D. C. (1999). A species of small antisense RNA in
posttranscriptional gene silencing in plants. Science 286, 950–952. doi: 10.1126/
science.286.5441.950
Hilker, R., Stadermann, K. B., Doppmeier, D., Kalinowski, J., Stoye, J., Straube, J.,
et al. (2014). Readxplorer—visualization and analysis of mapped sequences.
Bioinformatics 30, 2247–2254. doi: 10.1093/bioinformatics/btu205
Jain, R., Devine, T., George, A. D., Chittur, S. V., Baroni, T. E., Penalva, L. O.,
et al. (2011). RIP-chip analysis: RNA-binding protein immunoprecipitation-
microarray (Chip) profiling. Methods Mol. Biol. 703, 247–263. doi: 10.1007/978-
1-59745-248-9_17
Kim, D., Langmead, B., and Salzberg, S. L. (2015). HISAT: a fast spliced aligner
with low memory requirements. Nat. Methods 12, 357–360. doi: 10.1038/nmeth.
3317
Kim, D., Pertea, G., Trapnell, C., Pimentel, H., Kelley, R., and Salzberg, S. L. (2013).
TopHat2: accurate alignment of transcriptomes in the presence of insertions,
deletions and gene fusions. Genome Biol. 14:R36. doi: 10.1186/gb-2013-14-
4-r36
Koch, A., Biedenkopf, D., Furch, A., Weber, L., Rossbach, O., Abdellatef, E., et al.
(2016). An RNAi-based control of Fusarium graminearum infections through
spraying of long dsRNAs involves a plant passage and is controlled by the
fungal silencing machinery. PLoS Pathog. 12:e1005901. doi: 10.1371/journal.
ppat.1005901
Koch, A., and Kogel, K. H. (2014). New wind in the sails: improving the agronomic
value of crop plants through RNAi-mediated gene silencing. Plant Biotechnol. J.
12, 821–831.
Koch, A., Kumar, N., Weber, L., Keller, H., Imani, J., and Kogel, K. H. (2013). Host-
induced gene silencing of cytochrome P450 lanosterol C14-alpha-demethylase-
encoding genes confers strong resistance to Fusarium species. Proc. Natl. Acad.
Sci. U. S. A. 110, 19324–19329 doi: 10.1073/pnas.1306373110
Krzywinski, M., Schein, J., Birol, I˙., Connors, J., Gascoyne, R., Horsman, D., et al.
(2009). Circos: an information aesthetic for comparative genomics. Genome
Res. 19, 1639–1645. doi: 10.1101/gr.092759.109
Langmead, B. (2010). Aligning short sequencing reads with bowtie. Curr.
Protoc. Bioinformatics 32, 11.7.1–11.7.14 doi: 10.1002/0471250953.
bi1107s32
Law, C. W., Chen, Y., Shi, W., and Smyth, G. K. (2014). voom: precision weights
unlock linear model analysis tools for RNA-seq read counts. Genome Biol.
15:R29 doi: 10.1186/gb-2014-15-2-r29
Li, H., Ruan, J., and Durbin, R. (2008). Mapping short DNA sequencing reads
and calling variants using mapping quality scores. Genome Res. 18, 1851–1858
doi: 10.1101/gr.078212.108
Li, P., Piao, Y., Shon, H. S., and Ryu, K. H. (2015). Comparing the normalization
methods for the differential analysis of Illumina high-throughput RNA-Seq
data. BMC Bioinformatics 16:347 doi: 10.1186/s12859-015-0778-7
Love, M. I., Huber, W., and Anders, S. (2014). Moderated estimation of fold
change and dispersion for RNA-seq data with DESeq2. Genome Biol. 15:550.
doi: 10.1186/s13059-014-0550-8
Martin, M. (2011). Cutadapt removes adapter sequences from high-throughput
sequencing reads. EMBnet J. 17, 10–12, doi: 10.14806/ej.17.1.200
Niehl, A., Soininen, M., Poranen, M. M., and Heinlein, M. (2018). Synthetic biology
approach for plant protection using dsRNA. Plant Biotechnol. J. doi: 10.1111/
pbi.12904 [Epub ahead of print].
Riley, K. J., Yario, T. A., and Steitz, J. A. (2012). Association of argonaute proteins
and microRNAs can occur after cell lysis. RNA 18, 1581–1585. doi: 10.1261/rna.
034934.112
Robertson, G., Schein, J., and Chiu, R. (2010). De novo assembly and analysis of
RNA-seq data. Nat. Methods 7, 909–912 doi: 10.1038/nmeth.1517
Robinson, M. D., McCarthy, D. J., and Smyth, G. K. (2010). edgeR: a bioconductor
package for differential expression analysis of digital gene expression data.
Bioinformatics 26, 139–140 doi: 10.1093/bioinformatics/btp616
Schulz, M. H., Zerbino, D. R., Vingron, M., and Birney, E. (2012). Oases: robust
de novo RNA-seq assembly across the dynamic range of expression levels.
Bioinformatics 28, 1086–1092 doi: 10.1093/bioinformatics/bts094
Schurch, N. J., Schofield, P., Gierlin´ski, M., Cole, C., Sherstnev, A., Singh, V.,
et al. (2016). How many biological replicates are needed in an RNA-seq
experiment and which differential expression tool should you use? RNA 22,
839–851
Simão, F. A., Waterhouse, R. M., Ioannidis, P., Kriventseva, E. V., and Zdobnov,
E. M. (2015). BUSCO: assessing genome assembly and annotation completeness
with single-copy orthologs. Bioinformatics 31, 3210–3212. doi: 10.1093/
bioinformatics/btv351
Srivastava, P. K., Moturu, T. R., Pandey, P., Baldwin, I. T., and Pandey, S. P. (2014).
A comparison of performance of plant miRNA target prediction tools and the
characterization of features for genome-wide target prediction. BMC Genomics
15:348. doi: 10.1186/1471-2164-15-348
Thorvaldsdóttir, H., Robinson, J. T., and Mesirov, J. P. (2013). Integrative
Genomics Viewer (IGV): high-performance genomics data visualization and
exploration. Brief. Bioinform. 14, 178–192. doi: 10.1093/bib/bbs017
Trapnell, C., Pachter, L., and Salzberg, S. L. (2009). TopHat: discovering
splice junctions with RNA-Seq. Bioinformatics 25, 1105–1111. doi: 10.1093/
bioinformatics/btp120
Trapnell, C., Williams, B. A., Pertea, G., Mortazavi, A., Kwan, G., van Baren,
M. J., et al. (2010). transcript assembly and quantification by RNA-Seq reveals
unannotated transcripts and isoform switching during cell differentiation. Nat.
Biotechnol. 28, 511–515 doi: 10.1038/nbt.1621
Wang, L., Wang, S., and Li, W. (2012). RSeQC: quality control of RNA-
seq experiments. Bioinformatics 28, 2184–2185. doi: 10.1093/bioinformatics/
bts356
Wang, M., Weiberg, A., Dellota, E. Jr., Yamane, D., and Jin, H. (2017). Botrytis
small RNA Bc-siR37 suppresses plant defense genes by cross-kingdom RNAi.
RNA Biol. 14, 421–428 doi: 10.1080/15476286.2017.1291112
Wang, B., Sun, Y. F., Song, N., Zhao, M. X., Liu, R., Feng, H., et al. (2017).
Puccinia striiformis f. sp tritici microRNA-like RNA 1 (Pst-milR1), an important
pathogenicity factor of Pst, impairs wheat resistance to Pst by suppressing the
wheat pathogenesis-related 2 gene. New Phytol. 215, 338–350. doi: 10.1111/nph.
14577
Wang, M., Weiberg, A., Lin, F. M., Thomma, B. P., Huang, H. D., and Jin, H.
(2016). Bidirectional cross-kingdom RNAi and fungal uptake of external RNAs
confer plant protection. Nat. Plants 2:16151 doi: 10.1038/nplants.2016.151
Weiberg, A., Wang, M., Lin, F. M., Zhao, H., Zhang, Z., Kaloshian, I.,
et al. (2013). Fungal small RNAs suppress plant immunity by hijacking
host RNA interference pathways. Science 342, 118–123. doi: 10.1126/science.
1239705
Frontiers in Plant Science | www.frontiersin.org 6 August 2018 | Volume 9 | Article 1212
fpls-09-01212 August 17, 2018 Time: 10:19 # 7
Zanini et al. Target Prediction of ck-RNA Effectors
Xie, Y., Wu, G., Tang, J., Luo, R., Patterson, J., Liu, S., et al. (2014).
SOAPdenovo-trans: de novo transcriptome assembly with short RNA-
Seq reads. Bioinformatics 30, 1660–1666. doi: 10.1093/bioinformatics/
btu077
Zerbino, D. R., Achuthan, P., Akanni, W., Amode, M. R., Barrell, D., Bhai, J.,
et al. (2018). Ensembl. Nucleic Acids Res. 46, D754–D761. doi: 10.1093/nar/
gkx1098
Zhang, T., Zhao, Y. L., Zhao, J. H., Wang, S., Jin, Y., Chen, Z. Q.,
et al. (2016). Cotton plants export microRNAs to inhibit virulence gene
expression in a fungal pathogen. Nat. Plants 2:16153. doi: 10.1038/nplants.
2016.153
Conflict of Interest Statement: The authors declare that the research was
conducted in the absence of any commercial or financial relationships that could
be construed as a potential conflict of interest.
Copyright © 2018 Zanini, Šecˇic´, Jelonek and Kogel. This is an open-access article
distributed under the terms of the Creative Commons Attribution License (CC BY).
The use, distribution or reproduction in other forums is permitted, provided the
original author(s) and the copyright owner(s) are credited and that the original
publication in this journal is cited, in accordance with accepted academic practice.
No use, distribution or reproduction is permitted which does not comply with these
terms.
Frontiers in Plant Science | www.frontiersin.org 7 August 2018 | Volume 9 | Article 1212
